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Abstract                                                                     

Background/purpose. ESL/EFL teachers face unique burnout challenges 
due to quality assurance (QA) requirements, increasing class sizes, and 
intensive feedback demands. This research investigates how these 
factors contribute to teacher burnout in Saudi higher education and 
explores the potential of AI as a workload solution. Grounded in the Job 
Demands-Resources model and Technology Acceptance Model, the 
study examines burnout drivers, feedback practices, class size effects, 
AI perceptions, and demographic variation. 

Materials/methods. This mixed-methods study collected quantitative 
data from 258 ESL/EFL teachers and qualitative insights from 15 
interviews and 5 focus groups. Analysis employed structural equation 
modeling, LASSO regression, and mediation analysis to examine 
burnout mechanisms and potential technological interventions. 

Results. Findings reveal that QA standards significantly increase 
workload while reducing teachers' ability to provide individualized 
feedback, with workload acting as a powerful mediator of teacher 
wellbeing. While educators recognize AI's potential to support 
administrative tasks, significant adoption gaps persist—particularly 
among highly qualified and experienced staff who express concerns 
about professional identity and pedagogical displacement. 

Conclusion. This study uniquely frames AI as a classroom assistant 
rather than a replacement for pedagogical judgment, offering empirical 
evidence that teacher-centered AI integration could alleviate workload 
stress while preserving professional autonomy. Recommendations 
include recalibrating QA implementation and developing AI systems 
that complement rather than replace teacher expertise in ESL/EFL 
contexts. 
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1. Introduction

English as a Second/Foreign Language (ESL/EFL) education faces unique challenges that 
distinguish it from content-focused disciplines. Unlike subjects centered primarily on knowledge 
transmission, language teaching remains fundamentally skills-oriented, requiring continuous cycles 
of practice, feedback, and personalized guidance. This pedagogical imperative creates distinctive 
workload patterns for ESL/EFL educators, who must provide detailed feedback across multiple 
linguistic dimensions while managing increasingly larger classes. Simultaneously, the expansion of 
quality assurance (QA) frameworks has introduced substantial administrative requirements that 
compete for teachers' limited time and cognitive resources. This confluence of pressures—delivering 
personalized instruction to growing student numbers while completing extensive documentation—
has created fertile conditions for teacher burnout throughout ESL/EFL contexts globally. 

These pressures create a vicious cycle where insufficient feedback time leads to deteriorating 
educational outcomes while institutional demands intensify (Chen et al., 2024; Ding, 2024). The 
emotional toll on teachers—caught between professional commitment and overwhelming workload 
realities—compounds this situation, as educators experience profound guilt regarding their inability 
to provide adequate feedback within existing institutional constraints (Ma & Liu, 2024; Sadoughi et 
al., 2024). 

Despite extensive research on teacher burnout and emerging interest in educational AI 
applications, three critical gaps remain: (1) limited understanding of how language teaching's skill-
based nature creates unique vulnerability to workload intensification; (2) insufficient examination of 
how quality assurance frameworks specifically impact ESL/EFL teachers' wellbeing; and (3) lack of 
empirical investigation into how AI might address these challenges while preserving pedagogical 
quality and professional identity. While previous studies have documented general burnout factors 
(Maslach & Jackson, 1981; Siyum, 2023), they have not adequately addressed the distinctive 
intersection of feedback demands and administrative requirements that characterizes ESL/EFL 
contexts. This study addresses the critical gap in understanding how AI might function as a classroom 
assistant to alleviate systemic burnout drivers in ESL/EFL contexts while preserving professional 
autonomy and pedagogical quality. 

Amid these converging challenges and accumulating pressures, the advent of revolutionary 
artificial intelligence technology may offer help by alleviating certain aspects of teacher workload. 
Beyond simple automated grammar checks and surface-level flagging of writing errors, emerging AI 
tools have proven extremely powerful in analyzing language learner texts and suggesting tailor-made 
improvements. This may potentially reduce time spent on highlighting mechanical feedback, allowing 
teachers to concentrate on spending more time with their students. Nevertheless, several questions 
remain unanswered regarding language teachers' attitudes toward this technology, their knowledge 
of its potential, implementation roadblocks, and its actual impact on their workload and wellbeing in 
real-life educational settings. Striking the right balance between technological assistance and 
essential human judgment remains an important consideration when exploring sustainable solutions 
to teacher burnout. 

This study explores the complex interrelationships between academic quality assurance 
requirements, classroom size, assessment practices, and teacher wellbeing outcomes in ESL/EFL 
teaching environments. Uniquely, it examines the potential role of AI when positioned not as a 
pedagogical disruptor, but as a teacher assistant that alleviates administrative strain and enhances 
feedback workflows. By investigating these relationships across different teacher demographics and 
institutional contexts, we aim to identify targeted intervention strategies that could support teacher 
sustainability while maintaining teaching quality. 

https://doi.org/10.22521/edupij.2025.17.309
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Our research is theoretically grounded in the Job Demands-Resources model (Bakker & 
Demerouti, 2017), which conceptualizes burnout as resulting from imbalances between job demands 
and available resources. We extend this framework by examining how quality assurance frameworks 
simultaneously function as both a demand (increasing documentation requirements) and a 
theoretical resource (supporting instructional quality). This paradoxical relationship, combined with 
insights from Technology Acceptance Model (Davis, 1989) and Self-Determination Theory (Ryan & 
Deci, 2023), provides a robust theoretical foundation for understanding both burnout mechanisms 
and potential technological interventions. 

Through a mixed-methods approach combining statistical modeling and qualitative insights, this 
study provides a nuanced perspective on how burnout emerges in ESL/EFL contexts and how 
institutions might respond. By gathering data on teacher experiences, perceptions of AI tools, and 
institutional factors, we develop an integrated understanding of both the challenges facing language 
educators and the potential pathways toward more sustainable teaching practices that preserve 
pedagogical quality and professional identity. 

2. Literature Review

This literature review synthesizes four interconnected research domains: (1) the evolving 
landscape of teacher burnout with particular attention to ESL/EFL contexts; (2) workload 
intensification and accountability frameworks; (3) feedback practices and challenges in language 
instruction; and (4) emerging AI applications and their potential for alleviating teacher burnout. 
Throughout, we examine how theoretical frameworks including the Job Demands-Resources model, 
Conservation of Resources theory, Technology Acceptance Model, and Self-Determination Theory 
illuminate these phenomena and provide a foundation for our study. 

Teacher burnout has been growing as a serious global issue (Agyapong et al., 2023) affecting 
teaching quality, student performance, and workforce stability (An & Tao, 2024). An and Tao's (2024) 
study of 245 EFL teachers identified significant negative correlations between burnout and both 
instructional effectiveness and student achievement. Burnout manifests as emotional exhaustion, 
depersonalization, and reduced personal accomplishment (Maslach & Jackson, 1981; Derakhshan et 
al., 2022). Pressley's research during COVID-19 revealed significant teacher burnout across multiple 
studies. His survey of 388 K-12 teachers found that various factors contributed to increased burnout 
during the pandemic (Pressley, 2021a), while a separate study of 329 elementary teachers 
documented elevated stress and anxiety levels (Pressley, 2021b). These findings indicated that 
burnout symptoms strongly predicted intention to leave the profession and instructional 
disengagement, with approximately 40-60% of higher education teachers experiencing burnout 
(Manuel et al., 2018). The COVID-19 pandemic exacerbated this situation, with emotional exhaustion 
among educators rising by 17% from 2019 to 2022 (Pressley & Ha, 2022). 

Foreign language educators face distinctive burnout risks beyond those of other disciplines 
(Talbot & Mercer, 2018). Their cross-cultural study documented significantly higher emotional 
exhaustion among language teachers compared to other subject instructors, identifying "linguistic 
performance pressure" as a unique stressor. ESL/EFL instruction demands continuous cycles of 
practice, feedback, and personalized attention (Hyland & Hyland, 2019; Yu et al., 2021). Non-native 
English-speaking teachers face the additional burden of maintaining their own language proficiency, 
termed "linguistic vigilance overload" (Seo, 2023), while native-speaking instructors experience 
"identity strain" when navigating intercultural dynamics (Pennington & Richards, 2016; Zarrinabadi 
et al., 2023). Zarrinabadi et al.'s (2023) study with 187 EFL teachers showed how linguistic authority 
issues created significant emotional labor predicting burnout, particularly in diverse contexts. These 
challenges are compounded by the rise of "audit culture," transforming educational governance into 
a performance-driven system (Sun & Zhang, 2023). 

https://doi.org/10.22521/edupij.2025.17.309
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Workload intensification is a primary driver of teacher burnout across diverse educational 
systems (Wang, 2022; Chang, 2022; An & Tao, 2024; Sadoughi et al., 2024; Nayernia & Babayan, 
2019; Droogenbroeck et al., 2014; Chen et al., 2024; Ma & Liu, 2024; Ding, 2024). Chang's (2022) 
study of 319 EFL teachers identified workload intensity as the strongest predictor of emotional 
exhaustion, accounting for 32% of burnout variance. Educators work 54-59 hours weekly during term 
time, with up to 40% on non-instructional tasks (Walker et al., 2022). In higher education, quality 
assurance (QA) frameworks significantly contribute to this intensification, with institutions managing 
14-22 distinct reporting systems (Ma & Liu, 2024). Their institutional ethnography documented how 
QA requirements created "bureaucratic displacement"—diverting teacher attention from 
pedagogical activities to administrative compliance, creating what Schaufeli et al. (2023) term the 
"quality paradox," where mechanisms designed to improve standards inadvertently undermine 
effectiveness. 

In ESL/EFL contexts, teachers spend 8.7-14.2 hours weekly on QA documentation (Almossa & 
Alzahrani, 2022), consuming approximately 22% of total working hours, significantly higher than the 
17% in other disciplines. This "documentation density" reduces time for lesson planning and 
correlates strongly with emotional exhaustion (Kovalkova & Malkova, 2021). The conflict between 
administrative demands and teaching priorities creates what Kenny and Fluck (2022) describe as the 
"quality-autonomy dilemma," where accountability measures erode teachers' autonomy and job 
satisfaction through "procedural confinement." 

Effective language acquisition relies heavily on detailed written corrective feedback (WCF) as a 
cornerstone of ESL/EFL instruction (Ferris, 2022). Meta-analysis shows WCF significantly enhances 
learning outcomes across 42 studies (Li & Vuono, 2019). However, providing quality feedback 
requires attention to multiple linguistic dimensions (Zhang & Hyland, 2018) through four cognitive 
phases: error identification, linguistic analysis, feedback formulation, and learning pathway 
consideration. Teachers spend 20-40 minutes per paper, translating to 8-12 hours per assignment 
cycle for typical classes (Rajab et al., 2016). 

Increasing class sizes exacerbate these challenges. In Saudi universities, the average EFL class 
size has risen from 22 students in 2016 to 38 in 2023 (Alutaybi & Alfares, 2024), with the most 
dramatic increases (73%) in foundation programs. Research establishes 25 students as the threshold 
beyond which individualized feedback becomes compromised (Zhang & Hyland, 2022; Barrot, 2023; 
Shi & Aryadoust, 2024; Ko, 2022). Shadiev and Feng's (2023) analysis found that classes exceeding 25 
students showed a 47% reduction in feedback specificity and a 62% decrease in metalinguistic 
explanation. This "time-consuming feedback" (Alshahrani & Storch, 2025) forces teachers to choose 
between providing superficial feedback to all students or detailed guidance to a few. 

The emotional labor of providing feedback significantly contributes to burnout (Bodenheimer & 
Shuster, 2019; Yin et al., 2019; Lee, 2017; Pike et al., 2019). Bodenheimer and Shuster's (2019) study 
revealed that balancing critical feedback with student motivation represents "assessment emotional 
labor," requiring teachers to suppress their reactions while crafting balanced responses, significantly 
predicting emotional exhaustion. Administrative demands restrict time for meaningful student 
interactions, with teachers reporting an average reduction of 6.4 hours weekly in student interaction 
following new documentation mandates (Ma & Liu, 2024). 

These converging pressures create a "pedagogical sustainability crisis" manifesting as 
"motivation-practice incongruence" (Schaufeli et al., 2023), where teachers' professional 
commitment conflicts with practical limitations. This incongruence is a potent predictor of burnout 
compared to workload alone, creating cognitive dissonance about professional purpose and shifting 
burnout framing from individual deficiency to a structural problem requiring systemic solutions. 

https://doi.org/10.22521/edupij.2025.17.309
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Recent AI developments offer possibilities for reducing teacher workload (Zhou et al., 2023; 
Jonäll, 2024). Alsalem (2024) found basic AI tools reduced grading time by approximately 40%, while 
Steiss et al. (2024) demonstrated that AI-generated feedback can match and, in some cases, exceed 
human feedback quality, with students receiving AI-supported feedback showing greater 
improvement in writing compared to those receiving traditional feedback. Alsalem's quasi-
experimental study found teachers reallocated 4.7 hours weekly to other instructional activities after 
AI adoption, with students reporting higher satisfaction with feedback timeliness and helpfulness. 

More sophisticated systems, such as ChatGPT, are capable of performing complex feedback 
tasks. In a comparative study, Steiss et al. (2024) demonstrated that AI-generated feedback can 
match and, in some cases, exceed human feedback in key areas. Their findings identified five core 
functions of AI-augmented feedback: error identification, linguistic explanation, revision suggestion, 
resource recommendation, and progress tracking. Notably, students who received AI-supported 
feedback showed greater improvement in their writing, especially among intermediate-level 
learners, compared to those who received traditional feedback. 

However, AI adoption faces challenges. Guo and Wang (2023) identified the "AI Trust Paradox" 
where teachers recognize time-saving potential while fearing professional devaluation. Their survey 
of 412 language teachers revealed 78% acknowledged potential benefits while 63% expressed 
professional role concerns. Adoption intentions correlated with perceived usefulness and ease of use, 
while negatively associated with identity threat concerns. 

Ethical considerations further complicate implementation. Dakakni and Safa's (2023) analysis 
uncovered algorithmic bias, with feedback to non-native writers containing more prescriptive 
language and fewer acknowledgments of stylistic variation, demonstrating "algorithmic linguistic 
imperialism." Alghamdy's (2023) legal analysis identified significant regulatory gaps regarding 
algorithmic transparency and bias mitigation. 

Research suggests the "teacher-in-the-loop" approach (Colonna, 2023), where AI functions as an 
assistant rather than a replacement, is optimal (Chen et al., 2023). Colonna's (2023) action research 
showed this approach yielded similar workload benefits to fully automated systems (35% vs. 39% 
time reduction) but generated significantly higher teacher satisfaction (mean difference = 18.7 
points) and enhanced professional agency. Comprehensive training covering practical applications 
and ethical dimensions is essential for responsible technology use (Malik et al., 2024). 

The Job Demands-Resources model (Bakker & Demerouti, 2017) conceptualizes burnout as 
resulting from imbalances between job demands and resources, with particularly strong effects in 
education. Conservation of Resources theory (Hobfoll et al., 2018) explains how resource depletion 
triggers downward spirals. The Technology Acceptance Model (Davis, 1989; Persico et al., 2014; Zhou 
et al., 2022; Naidoo, 2022) helps understand factors affecting integration. Self-Determination Theory 
(Ryan & Deci, 2023) emphasizes autonomy, competence, and relatedness for motivation. 
Administrative intensification undermines autonomy satisfaction, the strongest predictor of teaching 
motivation. Technologies enhancing professional autonomy correlate negatively with burnout 
symptoms (Sato et al., 2022), suggesting that the implementation approach significantly affects well-
being (Pishghadam et al., 2023). 

While literature explores ESL/EFL burnout drivers, it remains underdeveloped in positioning AI 
as a practical assistant. Emerging research supports AI's potential (Alsalem, 2024; Praphan & Praphan, 
2023; Zhou & Hou, 2025), yet concerns remain (Guo & Wang, 2023; Dakakni & Safa, 2023). However, 
a persistent gap exists between demonstrated AI effectiveness and sustainable classroom 
integration. This study builds on the "teacher-in-the-loop" framework (Colonna, 2023), addressing 
professional identity concerns identified as primary adoption barriers. 

https://doi.org/10.22521/edupij.2025.17.309
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This literature review has identified a critical gap in understanding how AI might address systemic 
drivers of ESL/EFL teacher burnout. To address this gap, we propose a conceptual model (Figure 1) 
integrating research on burnout, workload intensification, and quality assurance pressures, 
positioning AI as a potential classroom assistant rather than a replacement for teacher expertise. This 
model synthesizes Bakker and Demerouti's (2017) Job Demands-Resources theory with Colonna's 
(2023) teacher-in-the-loop approach. 

 

Figure 1. AI as a Classroom Assistant in EFL Contexts: A Conceptual Model 

*Figure 1 shows the conceptual model illustrating systemic burnout drivers in ESL/EFL higher education and the 
proposed role of AI as a classroom assistant. Red arrows indicate institutional stressors contributing to teacher burnout. 
Green arrows represent potential positive outcomes of AI-supported feedback. The dashed blue arrow indicates a 
conceptual feedback loop where AI intervention could help alleviate burnout by targeting routine workload components. 

Our model identifies three primary sources of job demands creating unsustainable conditions for 
ESL/EFL teachers: (1) quality assurance requirements, which increase administrative workload; (2) 
growing class sizes, which multiply feedback demands; and (3) the inherent complexity of language 
feedback, which requires substantial time and emotional labor. These demands interact to create 
what we term 'pedagogical overload' a state where teaching responsibilities systematically exceed 
available time and resources. The distinctive contribution of our framework is its positioning of AI as 
a classroom assistant that could help rebalance the demands-resources equation (Colonna, 2023; 
Alsalem, 2024; Zhou et al., 2023). 

Guided by this conceptual framework and the identified gaps in understanding, our study 
addresses the following research questions (RQs): 

RQ1: What are the primary factors contributing to burnout among ESL/EFL teachers? 

RQ2: How do quality assurance standards affect teacher workload and well-being? 

RQ3: What challenges do teachers face in providing feedback, and how do these contribute to 
burnout? 

RQ4: How do teachers perceive AI tools, and what potential do these tools have for reducing 
burnout? 

RQ5: What demographic factors influence teacher burnout and openness to AI solutions? 

https://doi.org/10.22521/edupij.2025.17.309
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3. Methodology

This study employed a mixed-methods design investigating relationships between teacher 
burnout, workload, quality assurance standards, feedback practices, and AI tools' potential in ESL/EFL 
contexts. 

3.1. Participants

The study surveyed 258 ESL/EFL higher education teachers (Table 1) with 58% male, 42% female; 
72% under 40 years; 50% doctoral degrees, 15% master's degrees, 36% bachelor's degrees; 
experience ranging from <5 to >21 years; 49% teaching classes of >26 students. 

Table 1. Participant Demographics 

Characteristic Distribution 

Gender 58% male, 42% female 

Age 72% under 40 years 

Qualifications 
50% doctoral, 15% master's, 36% 
bachelor's degrees 

Teaching experience Range from <5 to >21 years 

Class size 49% teaching classes of >26 students 

3.1.1. Study Population and Sampling Strategy

This study employed a purposive geographic sampling approach, selecting one higher education 
institution from each major geographic region of Saudi Arabia (Northern, Eastern, Western, Central, 
and Southern regions). Rather than targeting the entire population of ESL/EFL teachers nationwide, 
we focused on representative institutions to capture regional diversity while maintaining 
methodological feasibility. 

Sampling frame: The target population comprised ESL/EFL teachers employed at the selected 
higher education institutions across the five geographic regions (N ≈ 457 based on institutional 
records from participating universities). 

Selection procedure: At each participating institution, we utilized institutional gatekeepers - 
personal contacts within the ESL/EFL departments who served as intermediaries to distribute the 
study materials. These contacts were asked to pass the participation message, electronic consent 
form, and questionnaire link to their ESL/EFL colleagues within their respective institutions. This 
gatekeeper-mediated convenience sampling approach was necessary due to institutional access 
constraints and privacy considerations. 

Inclusion criteria required: (1) current employment as ESL/EFL instructor at one of the 
participating institutions, (2) minimum one year teaching experience, and (3) willingness to 
participate in potential follow-up interviews. 

Sample characteristics: The final sample of 258 teachers was recruited through these 
institutional contacts, achieving a response rate of 64.5% from approximately 400 teachers who 
received the invitation through their colleagues across the five participating institutions. 

Representativeness considerations: While this convenience sampling approach through 
gatekeepers may introduce selection bias, geographic diversity was ensured through: (1) inclusion of 
institutions from all five major regions, (2) representation of different institutional contexts within 
each region, and (3) diverse participant demographics across career stages and qualifications. The 
sample comprised 58% male, 42% female teachers; 72% under 40 years; 50% doctoral degrees, 15% 

https://doi.org/10.22521/edupij.2025.17.309
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master's degrees, 36% bachelor's degrees; experience ranging from <5 to >21 years; 49% teaching 
classes of >26 students. 

Following the survey, 15 individual interviews and five focus groups (4-6 participants each) were 
conducted with purposively selected participants representing different burnout profiles: high 
burnout/high workload (n=5), high burnout/moderate workload (n=3), moderate burnout/high 
workload (n=4), and low burnout (n=3). Focus groups were organized thematically (early career 
teachers, experienced teachers, large classes, AI perspectives, and quality assurance), with 
participants selected to represent diverse attitudes toward AI and quality assurance. 

3.2. Instruments and Procedures 

The survey comprised six constructs: (1) Background Information; (2) Work-Related Activities; 
(3) Teacher Workload and Stress; (4) Quality Assurance Standards; (5) Written Corrective Feedback; 
and (6) AI-Assisted Tools. All instruments underwent piloting with 28 ESL/EFL teachers through 
cognitive interviews (Willis, 2005), resulting in modifications to improve clarity and reliability. Low-
performing items (α<0.70) were revised or eliminated, reducing completion time from 35 to 25 
minutes. Interview and focus group protocols were tested with six participants, leading to 
refinements in question sequencing and additional prompts (Appendix III). 

Surveys were administered online over six weeks. Interviews (45-60 minutes) and focus groups 
(90 minutes) were conducted via video conferencing, recorded, and transcribed. All qualitative data 
collection occurred within two months of survey completion. 

3.3. Data Analysis 

Quantitative data were analyzed using R (version 4.3.0) through multiple complementary 
techniques, each selected for specific theoretical and methodological reasons (Field, 2018; 
Tabachnick & Fidell, 2019): 

Non-parametric testing justification: Despite using regression analysis, non-parametric tests 
(Kruskal-Wallis and Wilcoxon Signed Rank tests) were conducted because: (1) Shapiro-Wilk tests 
revealed significant deviations from normality in key variables (W < 0.95, p < 0.001), (2) Likert scale 
data may not meet interval-level assumptions required for parametric tests (Jamieson, 2004), and (3) 
non-parametric tests provide robust alternatives that make fewer distributional assumptions 
(Hollander et al., 2014). 

LASSO regression justification: LASSO (Least Absolute Shrinkage and Selection Operator) was 
selected over conventional stepwise regression for several methodological advantages (Tibshirani, 
1996; Hastie et al., 2009): (1) LASSO handles multicollinearity more effectively by shrinking 
coefficients toward zero rather than making binary inclusion/exclusion decisions, (2) it provides 
better prediction accuracy when many predictors are correlated, as confirmed by our correlation 
matrix showing extensive collinearity, (3) LASSO reduces overfitting through regularization, 
particularly important with our sample size relative to predictor variables, and (4) it performs 
automatic variable selection while maintaining model parsimony (James et al., 2013). Stepwise 
regression, while interpretable, suffers from instability in variable selection and can produce models 
that fail to replicate (Flom & Cassell, 2007). 

The analytical sequence included: descriptive statistics, reliability analysis (Cronbach's alpha), 
correlation analysis, principal component analysis for dimensionality reduction, LASSO regression for 
predictor identification, structural equation modeling for causal pathway testing, and mediation 
analysis for examining indirect effects. 

https://doi.org/10.22521/edupij.2025.17.309
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LASSO regression addressed multicollinearity while identifying influential variables; structural 
equation modeling tested causal pathways; and mediation analysis examined how AI perceptions 
potentially mediate relationships between workload and burnout. 

Qualitative data underwent thematic analysis using NVivo (version 12) following Braun and 
Clarke's (2006) framework. Two researchers independently conducted initial coding (84% inter-rater 
agreement), followed by focused coding and theme development through iterative categorization. 

3.4. Integration and Ethical Considerations

This study employed an explanatory sequential mixed methods design (Creswell & Clark, 2017), 
specifically following the QUAN → qual model where quantitative data collection and analysis occur 
first, followed by qualitative data collection designed to explain and elaborate on quantitative 
findings. 

Design rationale: The explanatory sequential approach was selected because: (1) our primary 
research questions required quantitative analysis to identify relationships between variables, (2) 
qualitative data was needed to explain mechanisms underlying statistical relationships, and (3) this 
design allows for purposive sampling of qualitative participants based on quantitative results 
(Tashakkori & Teddlie, 2010). 

Implementation sequence: 

Phase 1 (QUAN): Survey administration (n=258) → statistical analysis → identification of key 
patterns and relationships 

Interface: Selection of interview/focus group participants based on survey responses and 
burnout profiles 

Phase 2 (qual): Individual interviews (n=15) and focus groups (n=5) → thematic analysis 

Integration: Joint interpretation of quantitative patterns and qualitative explanations 

Priority weighting: QUAN emphasis (70%) with qual elaboration (30%), reflecting our focus on 
measuring relationships while using qualitative insights to explain quantitative findings (Creswell & 
Clark, 2017). Validity was strengthened through member checking, peer debriefing, and an audit trail 
(Fetters et al., 2013). 

The integration process connected statistical relationships with qualitative themes. For example, 
when SEM revealed a significant relationship between quality assurance standards and reduced 
feedback capacity (β = -0.224, p < 0.001), qualitative data identified the 'documentation density' 
theme explaining how administrative requirements displaced feedback time. Similarly, correlations 
between class size and emotional exhaustion were contextualized through focus group narratives, 
revealing specific threshold points for feedback quality deterioration. 

The study adhered to ethical principles, including informed consent, confidentiality, and 
voluntary participation. Limitations include the cross-sectional design limiting causal inferences, 
reliance on self-reported measures, generalizability concerns, and potential impacts of virtual data 
collection. 
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Figure 2. Mixed-Methods Research Design showing instrument validation, data collection phases, 
and integration points in the explanatory sequential design 

 

4. Results

We analyzed quantitative data using descriptive statistics, correlation analyses, factor analysis 
suitability (Kaiser-Meyer-Olkin), Cronbach's alpha for internal consistency, Kruskall-Wallis tests for 
demographic differences, variable inflation factors for collinearity assessment, principal component 
analysis (PCA) for dimensionality reduction, LASSO regression for predictor identification, structural 
equation modeling for relationship testing, and Wilcoxon Signed Rank Tests for comparing 
perceptions. All analyses were conducted using R version 4.3.0 (R Core Team, 2023). 

4.1. Demographic Characteristics and Descriptive Statistics 

Survey respondents (n=258) were predominantly male (58% vs. 42% female) and younger (72% 
under age 40), as shown in Table 2. Half held doctoral degrees, with only 15% qualified at the master's 
level. Class sizes showed polarization, with 49% teaching large classes (>30 students) and 36% 
teaching smaller classes (10-15 students). 
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Table 1. Breakdown of demographic variables (n=258) 

Variable Factor level Count Percentage* 

Gender 
Male 149 58% 

Female 109 42% 

Age Group 

22 - 29 92 36% 

30 - 39 93 36% 

40 - 49 37 14% 

50 - 59 18 7% 

> 60 18 7% 

Highest 
Qualification 

BA degree 92 36% 

MA degree 38 15% 

Doctorate 128 50% 

Other 0 0% 

Teaching Years 

0 - 5 92 36% 

6 - 10 93 36% 

11 - 15 37 14% 

16 - 20 18 7% 

> 21 18 7% 

Class Size 

10 - 15 92 36% 

16 - 20 19 7% 

21 - 25 20 8% 

> 26 127 49% 

* Percentages are rounded to the nearest whole percent and therefore may not 
total 100. 

Descriptive statistics revealed a mean response of 2.4 across all questions. Response 
distributions (Figure 3) confirmed that most questions elicited polarized responses with few neutral 
selections, suggesting teachers hold strong opinions about workload issues rather than 
ambivalence—underscoring the emotionally charged nature of these professional challenges. 
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Figure 3. Ridgeline plot detailing the distribution of responses to survey questions. Questions are 
ordered from 1 – 50 from top to bottom (n = 258) 

4.2. Correlation and Reliability Analysis

The survey comprised six constructs, each with two sub-constructs. A correlation matrix (Figure 
4) revealed collinearity between responses, particularly for questions 15-18 (wellbeing measures) 
and 41-50 (AI strategies), indicating alignment between technology attitudes and wellbeing concerns. 
Kaiser-Meyer-Olkin analysis returned values of 0.5, below the threshold (<0.8) required for 
meaningful factor extraction. 

Figure 4 reveals strong positive correlations (dark blue) between questions 15-18 (wellbeing 
measures) and 41-50 (AI strategies), indicating that attitudes toward technology solutions are closely 
aligned with teacher wellbeing concerns. The observed collinearity justifies our subsequent 
dimensional reduction approach through PCA. 

Each of the six constructs feature two sub-constructs. Variables that inform further regression 
analyses were assessed using Cronbach’s alpha tests for internal consistency at the sub-construct 
level. Using the threshold α > 0.9 threshold for excellent internal consistency, 0.8 < α < 0.9 for good 
internal consistency, and 0.7 < α for acceptable internal consistency; sub-construct work related 
activities during official working hours only met the threshold of acceptable internal consistency in 
Questions 1 and 3, with α scores of 0.75 and 0.82 respectively. For the sub-construct work related 
activities outside of official working hours, internal consistency was much greater with all variables 
bar Question 9 exceeding the threshold for good internal consistency. 
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Figure 4. Correlation matrix of responses to each of the survey questions. 

When considering the sub-construct sources of workload and stress, Question 13 responses are 
an outlier in that it is the only response to fall below the threshold of good internal consistency (α = 
0.46). In the sub-construct impact of workload on well-being, all response variables attained α scores 
in excess of 0.99 indicating near perfect internal consistency.  

In the case of sub-construct impact of quality assurance standards, internal consistency can be 
judged as excellent, with only responses to Question 19 and 22 falling short of the excellent threshold 
at 0.70 and 0.42, respectively. The paired sub-construct teacher perspectives on balancing standards 
in teaching, a lower threshold of good is met for responses to Questions 23 and 24 at α = 0.72 for 
both. Responses to Questions 25 and 26 were negatively correlated and therefore reversed, 
rendering α scores of 0.51 and 0.31 respectively. 

Similar negative correlations and required reversals were discovered in the challenges in 
providing feedback sub-construct. Here, no response variables exceeded the threshold for acceptable 
internal consistency, with a highest α of 0.60. The paired sub-construct of emotional impact of 
feedback challenges yielded acceptable internal consistency with α scores of 0.70, 0.70, 0.80 and 
0.80 for responses to Questions 31, 32, 33, and 34, respectively. 

For the effectiveness of AI Tools, excellent external consistency was achieved, with α scores of 
0.93, 0.99, 0.97 and 0.97 for responses to Questions 35, 36, 37 and 38, respectively. However, the 
sub-construct of teacher perception of AI tools yielded lesser degrees of internal consistency, with   
α scores of 0.85, 0.80, and 0.80 for responses to Questions 39, 41, and 42, respectively. Responses 
to Question 40 were negatively correlated and required reversal, after which they attained an α score 
of 0.33.  

Responses to the remaining questions across the sub-constructs adopted strategies for feedback 
and impact on teacher well-being and student outcomes were both perfectly correlated with α scores 
of 1, indicating a perfect degree of internal consistency. Cronbach’s alpha scores for each variable, 
assessed at the sub-construct level, are presented in the Supplementary Table (Appendix IV). 
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4.3. Differences Across Demographics

Kruskal-Wallis tests found no significant differences between male and female respondents 
except for Question 13. However, significant differences emerged across age groups, qualification 
levels, teaching experience, and class sizes. Figure 5 highlights that teachers with larger classes (>26 
students) reported higher workload stress (Q11-14) and more negative well-being outcomes (Q15-
18) compared to those with smaller classes. Additionally, early-career teachers demonstrated greater 
openness to AI tools (Q35-42) than their more experienced counterparts. 

 

Figure 5. Median responses to Questions 1 to 50 stratified by demographic and groupings (n = 258) 
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4.4. PCA and LASSO Regression Analysis

LASSO regressions assessed which variables best predicted teacher well-being, job satisfaction, 
and ability to provide detailed feedback. LASSO applies parameterization to reduce collinearity across 
variables (Figure 2), choosing one variable from collinear groups while setting other coefficients to 0 
to produce the simplest explanatory model. The λ value was determined using cross-validation based 
on the lowest RMSE value. 

Initial OLS regressions with Variable Inflation Factors (VIF) revealed extensive collinearity, with 
most variables aliased as linear combinations of one another. We therefore employed PCA to reduce 
dimensionality. Scree plots (Figure 6a) showed that seven principal components were required to 
explain 100% of the variance, with component loadings shown in Figure 6b. 

 

Figure 6. Wellbeing PCA parameters: a) a scree plot indicating the cumulative variance captured as 
the number of principal components increases, and b) PCA loadings across question response 

variables. 

LASSO regression investigated predictors of teacher wellbeing, taken as the response to Question 
16: "To what extent do you feel that your workload affects your emotional wellbeing?" and job 
satisfaction (Question 17). Given their high correlation (α=0.99), one variable was removed before 
analysis. Cross-validation determined optimal λ values (Figure 7). 
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Figure 7. Lambda value selection for LASSO linear regression parameterization in search of the best 
predictors for teacher well-being and job satisfaction. 

Outputs revealed six principal components significantly contributed to teacher wellbeing and job 
satisfaction (Table 3). Of these components, three were increasingly close to zero and had diminished 
influence. The strongest predictors of teacher wellbeing and job satisfaction are Principal 
Components 2, 4, and 6. PC2 has significant loadings in the work-related activities, AI-assisted tools, 
and innovative strategies and technologies constructs. These strong loadings are negatively 
correlated, indicating that low Likert scale responses in these constructs lead to greater wellbeing 
and job satisfaction. 

To interpret these principal components more meaningfully, Principal Component 2, which 
strongly predicted wellbeing, primarily represents administrative workload variables (loading values 
>0.7 for documentation time, form completion, and reporting requirements). This suggests that 
administrative tasks, rather than direct teaching activities, may be particularly detrimental to teacher 
wellbeing. PC4 is primarily composed of variables related to teaching tasks outside official working 
hours (Questions 6-9), indicating that work-life boundary erosion significantly impacts wellbeing. PC6 
primarily captures assessment burden variables (Questions 28-30), suggesting that the feedback 
intensity particular to language teaching represents a distinct stress factor. 

Table 3. LASSO linear regression output for principal component predictors of teaching well-being 
and satisfaction. 

Term Coefficient 

(Intercept) -9.78E-18 

PC1 -2.28E-01 

PC2 -4.08E-02 

PC3 1.87E-02 

PC4 3.94E-03 

PC5 -3.18E-02 

PC6 1.02E-02 

https://doi.org/10.22521/edupij.2025.17.309


                         Alharbi  | 17 

https://doi.org/10.22521/edupij.2025.17.309 Published online by Universitepark Press   

An identical approach was employed to investigate the most suitable predictors for the ability to 
provide good feedback. Cronbach alpha scores for this sub-construct were not acceptable and 
variables can therefore not be combined or excluded. Question 29: “How much time do you typically 
spend providing detailed written corrective feedback on a single student’s writing assignment?” can 
be used as a proxy of the ability to provide good feedback, given the quality of given feedback is likely 
to correlate with time spent providing it. PCA was re-run with Question 29 responses as the target 
variable yielding eight principal components that captured the variance of all question responses 
(Figure 8). Cross-validated λ values conducive to the lowest RMSE value are presented in Figure 9. 

 

Figure 8. Ability to provide good feedback PCA parameters: a) a scree plot indicating the 
cumulative variance captured as the number of principal components increases, and b) PCA loadings 
across question response variables. 

 

Figure 9. Lambda value selection for LASSO linear regression parameterisation in search of the best 
predictors for the ability to provide good feedback. 

Seven of the eight principal components were shown to exert influence on the ability to provide 
good feedback (Table 3). PC4 and PC7 are the most influential components in the model, with the 
largest positive coefficients (0.322 and 0.360, respectively). PC4 is highly influenced by negative 
loadings of AI-assisted tools, and innovative strategies and technologies constructs, where PC7 is 
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influence by positive loadings in responses to Questions 5 and 7, as well a slightly positive loadings of 
responses within the effectiveness of AI tools sub-construct. They explain a significant amount of 
variation in the ability to provide good feedback and positively contribute to its prediction. PC5 is the 
only component with a negative coefficient (-0.176). 

Interpreting these components in relation to feedback provision: PC4, with its negative loadings 
on AI tools, suggests that teachers skeptical of technological solutions currently spend more time on 
feedback, possibly compensating for perceived inadequacies of automated systems. PC7's strong 
association with Questions 5 and 7 (weekend and evening work) indicates that teachers providing 
more thorough feedback are doing so by extending work into personal time. The negative coefficient 
for PC5, which primarily represents variables related to quality assurance activities, confirms our SEM 
findings that administrative requirements directly diminish feedback capacity. 

Table 3. LASSO linear regression output for predictors of providing good feedback 

Term Coefficient 

(Intercept) -1.43E-16 

PC1 6.12E-02 

PC2 1.72E-01 

PC3 1.77E-01 

PC4 3.22E-01 

PC5 -1.76E-01 

PC6 5.52E-02 

PC7 3.36E-01 

Structural equation modeling (SEM) was selected for its capacity to simultaneously test multiple 
relationships between observed and latent variables while accounting for measurement error. This 
approach allows us to examine both direct and indirect effects within a single comprehensive model, 
providing insight into the complex interrelationships between quality assurance standards, workload, 
and feedback capacity. The model specification was guided by both theoretical considerations from 
the Job Demands-Resources framework and preliminary correlation analyses suggesting mediation 
effects. 

4.5. Structural Equation Modelling

Structural equation modelling was used to test the impact of quality assurance standards on 
workload and feedback provision. Here, the responses of Questions 20, 21 and 22, were combined 
as a measure of quality assurance impact - justified by the Cronbach alpha scores outlined in Section 
3.1. Workload, measured by Questions 11, 12 and 14, and feedback provision - measured by 
Questions 27, 28, 29 and 30, were specified as latent variables within the model. The developed 
model posits that quality assurance directly influences both workload and feedback provision. 
Covariance between workload a feedback was also considered indicating that these two constructs 
may be related but not necessarily causally.  

The Diagonally Weight Least Squares (DLWS) method was used as an estimator due to its 
suitability for Likert scale and ordinal data. Chi-square results of 1.274 (df = 4, p = 0.866) indicate a 
good model fit and no significant deviations from the data. Both the Comparative Fit Index (CFI) and 
Tucker-Lewis Index (TLI) scored values > 0.95 at 0.998 and 0.994, respectively, indicating an excellent 
model fit. The Normed Fit Index (NFI) was 0.996, exceeding the 0.90 threshold for acceptable fit 
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(Bentler & Bonett, 1980). An RMSEA score of 0.017 further indicated excellent model fit, well below 
the 0.08 threshold for adequate fit (Browne & Cudeck, 1993).  All latent variables had strong factor 
loadings in excess of 0.87.  

Regressions within the SEM revealed a strong and positive effect of quality assurance standards 
on workload (Estimate = 0.388, p < 0.001) and a strong and significant negative effect of on feedback 
provision (Estimate = -0.224, p < 0.001). Further, a strong positive correlation exists between 
workload and feedback provision (Covariance = 0.654, p < 0.001). Overall, the model suggests that 
QA standards have a dual impact (Figure 10), increasing workload while decreasing the time available 
to provide good feedback. These coefficients indicate that for each unit increase in quality assurance 
requirements, teacher workload increases by 0.388 units while feedback capacity decreases by 0.224 
units. In practical terms, this means that as institutions implement more stringent documentation 
requirements, teachers simultaneously experience heavier workloads and reduced ability to provide 
the personalized feedback essential for language acquisition. The strong covariance (0.654) between 
workload and feedback provision suggests these are deeply interconnected aspects of teachers' 
professional experience, creating a challenging dynamic where quality assurance mechanisms 
intended to improve educational outcomes may paradoxically undermine them." 

 

Figure 10. SEM path of the impact of quality assurance standards on teacher workload and time 
spent on providing written feedback. 

4.6. Mediation Analysis

Mediation analysis was used to investigate the relationship between workload, quality assurance 
standards and wellbeing, via linear regression approaches. Workload was computed as the sum of 
responses to Questions 11, 12 and 14; wellbeing was derived from the sum of responses to Questions 
15, 16, 17, and 18; and quality assurance was calculated as the sum of responses to Questions 20, 21 
and 22 - with Cronbach’s alpha scores detailed in Section 3.1 as the rationale for combination. A 
mediator model was parameterised by regressing workload on quality assurance standards. The 
outcome model was estimated to examine the impact of workload on quality assurance and 
wellbeing, where wellbeing is regressed against both workload and quality assurance standards to 
determine if the relationship is mediated.  

The Average Causal Mediation Effect (ACME) represents the indirect effect of quality assurance 
on wellbeing through workload and suggest that higher responses to questions on QA leads to 
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increased workload and reduced wellbeing (Estimate  = 1.859, LCL = 1.692, UCL = 2.030 p < 0.001). 
The Average Direct Effect (ADE) measures the direct effect of QA on wellbeing while controlling the 
effect of workload and suggests that independent of workload, high QA burden is associated with 
reduced teacher wellbeing (Estimate = -0.661, LCL = -0.805, UCL = -0.510, p < 0.001). The proportion 
mediated provides a ratio of the mediated effect to the total effect. An estimate greater than 1 
indicates that the mediation effect is larger than the direct effect. Here, results suggest that a 
substantial portion of the total effect of QA on wellbeing is mediated through workload (Estimate = 
1.549, LCL = 1.504, UCL = 1.710, p < 0.001).  

These mediation results reveal important causal pathways in the relationship between quality 
assurance, workload, and wellbeing. The proportion mediated value exceeding 1 (1.549) indicates a 
suppression effect, where quality assurance's direct and indirect effects work in opposite directions. 
Practically speaking, while increasing quality assurance directly reduces wellbeing to some degree (-
0.661), its much stronger negative effect occurs by significantly increasing workload (1.859), which 
then substantially reduces wellbeing. This finding suggests that institutional interventions targeting 
the workload implications of quality assurance frameworks would be more effective than modifying 
the frameworks themselves. 

4.7. Current practices vs potential AI tools

Paired Wilcoxon Signed Rank tests were used to assess if there is a difference in perception 
between the sub-constructs of  effectiveness of AI tools and teacher perceptions of AI tools. 
Responses to questions within sub-constructs were combined with the exception of Question 40, 
again on the basis of results of the Cronbach’s alpha tests described in Section 3.1. 

Results confirm a significant difference between the sub-constructs effectiveness of AI tools and 
teacher perceptions of AI tools (V = 33,411, p < 0.001). The median difference between the paired 
observations is 1, implying that, on average, participants rated the potential of AI tools 1 point higher 
than their current perceptions. This can be interpreted as teachers perceptions of how effective AI 
tools are, are more favourable than their openness and concerns about using them (Figure 11). 

 

Figure 11. Median differences between effectiveness of AI tools and teacher perception of AI tools 
sub-constructs (n = 258) 
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4.8. Qualitative Thematic Analysis

Thematic analysis of interview and focus group data revealed five primary themes aligned with 
our research questions. The coding structure and theme development are presented in Table 4. 

Table 4. Thematic Analysis: Codes, Categories, and Themes 

Theme Categories Initial Codes Representative Quote 

Administrative 
Burden Displacement 

Documentation 
demands; Time 
allocation conflicts; 
Pedagogical 
displacement 

QA paperwork; Form 
completion; 
Reporting 
requirements; Lost 
teaching time; 
Administrative 
priority 

"Every hour spent on 
documentation is an 
hour lost with 
students" 

Feedback-Class Size 
Tension 

Mathematical 
impossibility; Quality-
quantity trade-offs; 
Time constraints 

Large classes; 
Insufficient time; 
Feedback depth; 
Student numbers; 
Time calculations 

"With 38 students... 
it's mathematically 
impossible" 

Emotional Labor of 
Assessment 

Motivation balance; 
Critical feedback; 
Psychological toll 

Student 
demotivation; Honest 
critique; Emotional 
exhaustion; 
Assessment stress 

"I'm constantly 
worried about 
demotivating 
students" 

Technology-Identity 
Concerns 

Professional role fears; 
Human connection; AI 
skepticism 

Role diminishment; 
Personal 
relationships; 
Technology 
resistance; 
Professional identity 

"I worry about the loss 
of personal 
connection" 

Career-Stage 
Adaptation 

Experience-based 
coping; Strategy 
development; Selective 
approaches 

Feedback selectivity; 
Pattern focus; 
Efficiency strategies; 
Professional learning 

"I've learned to be 
more selective with 
feedback" 

First, administrative burden displacement emerged as teachers described how QA 
documentation diverted time from core teaching activities: "Every hour spent on documentation is 
an hour lost with students. Paperwork has become the priority rather than the pedagogy" (Participant 
2, experienced). Second, feedback-class size tension highlighted the mathematical impossibility of 
providing detailed feedback with increasing class sizes: "With 38 students and weekly writing 
assignments, it's mathematically impossible to provide the detailed feedback each student deserves" 
(Participant 11, early-career). Third, emotional labor of assessment captured the psychological toll of 
balancing honest critique with student motivation: "I'm constantly worried about demotivating 
students while still being honest about their mistakes" (Participant 8, mid-career). Fourth, 
technology-identity concerns revealed how resistance to AI stemmed from fears of professional role 
diminishment: "I can see the potential benefits of AI, but I worry about the loss of personal 
connection with students" (Participant 5, doctorate holder). Fifth, career-stage adaptation showed 
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differential coping strategies: "Over time, I've learned to be more selective with feedback—focusing 
on patterns rather than every error" (Participant 9, mid-career). 

Inter-rater reliability for the coding process achieved 84% agreement between independent 
coders. These themes complemented quantitative findings by providing explanatory mechanisms for 
statistical relationships, particularly the connections between QA requirements, workload 
intensification, and diminished wellbeing. 

5. Discussion

This section integrates findings from both quantitative and qualitative analyses to address our 
research questions concerning teacher burnout, workload intensification, quality assurance 
demands, feedback challenges, and the potential of AI-assisted solutions. By triangulating statistical 
results with thematic interview data, we present a comprehensive understanding of the burnout 
phenomenon among ESL/EFL teachers. Throughout this discussion, representative quotes were 
selected based on their clarity in illustrating quantitative patterns and through a systematic process 
where multiple researchers independently identified exemplary statements for each theme. Selected 
quotes underwent reliability checks to ensure they accurately represented broader participant 
perspectives rather than outlier views. This methodical approach to integrating qualitative data 
strengthens the validity of our mixed-methods findings and provides contextual depth to statistical 
relationships identified in our analyses.  

5.1. Factors Contributing to Teacher Burnout

Research Question 1: What are the primary factors contributing to burnout among ESL/EFL 
teachers? 

Our findings identify workload intensification as the predominant driver of teacher burnout, 
consistent with Wang (2022), Chang (2022), and An and Tao (2024). The PCA analysis (Figure 4b) 
reveals that principal components with strong loadings from the work-related activities and teacher 
workload constructs were key predictors of diminished well-being (Table 2). This quantitative 
evidence is substantiated by qualitative interviews where participants consistently described 
overwhelming workloads: 

"It's not just the teaching hours, it's everything else. The paperwork, the meetings, the quality 
assurance documentation--it all adds up until you're working nights and weekends just to stay afloat." 
(Participant 14, mid-career).  

Demographic analysis shows significant variation in burnout experiences across age groups 
(Figure 3b), qualifications (Figure 3c), years of experience (Figure 3d), and class size (Figure 3e), 
though minimal gender differences were observed (Figure 3a). Notably, teachers over 50 years and 
those with doctorate degrees reported higher burnout levels, supporting Seo's (2023) concept of 
"linguistic vigilance overload" among highly qualified educators who maintain exacting standards. The 
demographic breakdown in Table 1 reveals that half of the participants hold doctorate degrees, 
making this relationship particularly relevant. 

Interviews illuminated how burnout manifests differently across career stages: 

"Early in my career, I thought the exhaustion was normal, just part of paying my dues. Fifteen 
years in, I realize this isn't sustainable--the system demands more documentation every year while 
classes keep getting larger." (Participant 7, experienced). 

These findings align with the Job Demands-Resources model (Bakker & Demerouti, 2017), 
demonstrating how job demands consistently outweigh available resources for many educators. 
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5.2. Impact of Quality Assurance Standards

RQ2: How do quality assurance standards affect teacher workload and well-being? 

Our structural equation modeling (Figure 8) provided definitive evidence that quality assurance 
standards significantly increase teacher workload (Estimate = 0.388, p < 0.001) while decreasing 
capacity for feedback provision (Estimate = -0.224, p < 0.001). This quantitative result directly 
addresses our hypothesis that quality assurance requirements contribute significantly to teacher 
burnout. 

The mediation analysis further revealed that workload substantially mediates the relationship 
between quality assurance standards and wellbeing (Estimate = 1.549, LCL = 1.504, UCL = 1.710, p < 
0.001), empirically supporting Kenny and Fluck's (2022) "quality-autonomy dilemma." Qualitative 
data enriched this understanding through detailed accounts of the documentation burden: 

"The irony is that these quality assurance processes were meant to improve teaching, but they've 
had the opposite effect. I spend so much time documenting what I'm going to do and what I did that 
I have less time to actually prepare effective lessons." (Participant 3, experienced) 

Participants across all demographics consistently recognized the importance of quality assurance 
(Figure 3a-e), creating what our qualitative analysis identified as the "accountability paradox"-
teachers value quality standards but find the implementation bureaucratic and counterproductive. 
This perfectly illustrates Schaufeli et al.'s (2023) "quality paradox," where mechanisms designed to 
improve educational standards inadvertently undermine instructional effectiveness. 

The estimated 8.7-14.2 hours weekly that ESL/EFL teachers spend on QA documentation 
(Almossa & Alzahrani, 2022) aligns with our participants' experiences, as reflected in both survey 
responses and interview accounts of administrative burden. 

5.3. Feedback Challenges and Class Size

RQ3: What challenges do teachers face in providing feedback, and how do these contribute to 
burnout? 

Our findings confirm the hypothesis that increasing class sizes and feedback demands contribute 
significantly to teacher burnout. With 49% of participants supervising classes of over 26 students 
(Table 1), many educators are operating beyond the 25-student threshold that Zhang and Hyland 
(2022) and Barrot (2023) identified as the point where individualized feedback becomes significantly 
compromised. 

Quantitative data showed clear correlations between class size and both workload perception 
and diminished well-being (Figure 3e). This was elaborated in interviews where participants described 
the "feedback dilemma." One early-career teacher explained, "With 38 students and weekly writing 
assignments, it's mathematically impossible to provide the detailed feedback each student deserves. 
I have to choose between sleep and giving proper feedback" (Participant 11). 

The emotional labor of providing feedback emerged as a significant factor in our analysis, 
complementing Bodenheimer and Shuster's (2019) concept of "assessment emotional labor" as a 
burnout contributor. Interestingly, our data revealed that teachers with 11-15 years of experience 
reported a less emotional impact from feedback challenges than other groups (Figure 3d), which 
qualitative findings suggest may be related to the development of coping strategies. As one mid-
career teacher noted, "Over time, I've learned to be more selective with feedback--focusing on 
patterns rather than every error. It took years to realize I wasn't helping students by marking 
everything" (Participant 9). 
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Time-motion data from interviews revealed that teachers spend approximately 25-35 minutes 
per student paper, consistent with Rajab et al.'s (2016) finding of 20-40 minutes per paper. For the 
49% of our participants with class sizes exceeding 26 students, this translates to unsustainable 
feedback hours. 

5.4. Perceptions and Potential of AI Tools: Bridging the Adoption Gap

RQ4: How do teachers perceive AI tools, and what potential do these tools have for reducing 
burnout?Our analysis revealed a significant disconnect between perceptions of AI effectiveness and 
willingness to implement these tools (Figure 9, V = 33,411, p < 0.001), exemplifying what Guo and 
Wang (2023) termed the "AI Trust Paradox." This gap reflects what our qualitative data revealed as 
'pedagogical identity threat'--fears that AI adoption might fundamentally alter the teacher's role. This 
extends beyond mere technical skepticism by highlighting how professional identity concerns create 
resistance, particularly among those with doctoral qualifications (Figure 3c). Our analysis identified 
three distinct dimensions of this resistance: (1) concerns about algorithmic reliability in capturing 
linguistic nuance, (2) fears of diminished professional authority, and (3) anxiety about technology-
mediated distancing from the student-teacher relationship. These dimensions varied systematically 
across demographic categories, with early-career teachers primarily concerned with reliability while 
experienced educators emphasized relationship concerns. 

Qualitative data illuminated these concerns: 

"I can see the potential benefits of AI for handling routine feedback tasks, but I worry about the 
loss of personal connection with students. My feedback isn't just about correcting errors--it's about 
building relationships and understanding individual learning journeys." (Participant 5, doctorate 
holder) 

This sentiment reflects concerns about what we term "pedagogical displacement"--fears that 
technological efficiency might come at the cost of the human elements that many teachers consider 
central to effective language instruction. However, our findings also revealed a potential pathway to 
adoption through framing AI as an assistant rather than a replacement: 

"If AI could handle the initial grammar and vocabulary feedback--the routine aspects--I could 
focus more on higher-order concerns like argumentation and cultural appropriateness. That would 
be valuable, but only if I maintain the final say." (Participant 8, mid-career) 

This teacher-centered framing aligns with Colonna's (2023) "teacher-in-the-loop" approach, 
where AI serves as a collaborative tool under the guidance of educators rather than an autonomous 
system. Principal components 4 and 7 (Figure 6b), which strongly predicted ability to provide quality 
feedback (Table 3), suggest that AI tools capable of reducing administrative workload while 
supporting routine feedback tasks could significantly enhance teachers' capacity for more meaningful 
pedagogical work. 

The demographic variations in AI receptivity — particularly among early-career teachers, who 
show greater openness — suggest the need for differentiated approaches to technology integration. 
Focus group discussions revealed that experienced teachers became more receptive when presented 
with concrete examples of how AI could reduce quality assurance documentation burden: 

"If AI could help with the QA paperwork rather than the teaching itself, that would address my 
biggest pain point. I spend hours documenting what I've already done instead of preparing for what 
I need to do next." (Participant 22, experienced) 

These insights suggest that AI implementation strategies should prioritize administrative relief 
before moving to pedagogical applications, building trust incrementally while respecting teachers' 
professional autonomy. 
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5.5. Demographic Factors Influencing Burnout and Technology Adoption

RQ5: What demographic factors influence teacher burnout and openness to AI solutions? 

Our quantitative analysis revealed significant variations in burnout experiences and technology 
acceptance across demographics, addressing our research question about individual factors. Age 
emerged as a strong predictor, with teachers over 50 reporting higher burnout levels but showing 
greater resistance to technological interventions (Figure 3b). 

Educational qualifications also proved significant, with doctorate holders (50% of participants, as 
shown in Table 1) reporting more challenges with feedback provision (Figure 3c) while simultaneously 
expressing greater skepticism toward AI solutions. These findings support the hypothesis that 
demographic factors significantly influence both burnout experiences and attitudes toward potential 
solutions. 

Teaching experience revealed an intriguing pattern: burnout generally increased with years in 
the profession (Figure 3d), except for the distinctive mid-career resilience regarding emotional 
impacts of feedback challenges. This pattern was elaborated in interviews: 

"There's a sweet spot around year 10 where you've developed efficient systems but haven't yet 
been ground down by the cumulative stress. After 20 years, the constant changes in requirements 
become harder to adapt to." (Participant 18, experienced). 

The inverse relationship between educational qualification and technology acceptance requires 
particular attention, as it suggests that those with the strongest pedagogical knowledge--who might 
benefit most from administrative relief--also express the greatest concerns about AI integration. This 
pattern aligns with Self-Determination Theory's emphasis on autonomy as a core psychological need 
(Ryan & Deci, 2023), as doctorate holders consistently described fears of diminished professional 
agency in their interview responses. However, their significantly higher responses to workload 
challenges suggest a "technology-autonomy paradox"-where resistance to potentially helpful tools 
may inadvertently perpetuate the very conditions causing distress. This finding has important 
implications for technology implementation strategies, suggesting that emphasizing enhancement 
rather than replacement of professional judgment may be crucial for engaging highly qualified 
educators. Class size showed the most predictable relationship with burnout (Figure 3e), with larger 
classes consistently associated with higher workload perceptions and reduced well-being, supporting 
our hypothesis about class size as a burnout factor.  

5.6. Theoretical and Practical Implications

Our integrated findings provide substantial empirical support for established theoretical 
frameworks, while also revealing novel insights into ESL/EFL teacher burnout. This section 
contextualizes our key findings within the broader academic landscape established in our literature 
review. 

5.6.1. Empirical Support for the Job Demands-Resources Model 

Our findings strongly validate Bakker and Demerouti's (2017) Job Demands-Resources model in 
ESL/EFL contexts. The identification of workload intensification as the predominant driver of burnout 
aligns with Wang (2022), Chang (2022), and An and Tao (2024), who established workload as a 
primary factor across diverse educational systems. However, our research extends this 
understanding by demonstrating that administrative demands have a disproportionate negative 
effect compared to direct teaching activities—a distinction not previously explored in ESL/EFL 
literature. 
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The strong relationship we identified between quality assurance standards and increased 
workload empirically validates what Schaufeli et al. (2023) conceptualized as the "quality paradox," 
where mechanisms designed to improve educational standards inadvertently undermine 
effectiveness. Our structural equation modeling provides quantitative evidence for this paradox, 
demonstrating how finite teacher resources must be allocated between competing administrative 
and pedagogical demands, resulting in what we term "resource competition." 

5.6.2. Contextualizing Quality Assurance Impact Within Existing Literature

Our documentation of quality assurance frameworks simultaneously increases workload while 
decreasing feedback capacity, directly supporting Kenny and Fluck's (2022) "quality-autonomy 
dilemma." The mediation analysis, revealing that workload substantially mediates the relationship 
between quality assurance and wellbeing, provides empirical evidence for their theoretical 
proposition that accountability measures erode teacher autonomy and job satisfaction. 

The finding that ESL/EFL teachers spend a substantial amount of time on QA documentation, 
consuming significant portions of their working hours, confirms Almossa & Alzahrani's (2022) 
observations about "documentation density" in language teaching contexts. Our participants' 
experiences of administrative burden displacement align with Ma and Liu's (2024) institutional 
ethnography, which documents "bureaucratic displacement"—where QA requirements divert 
teacher attention from pedagogical activities to administrative compliance. 

5.6.3. Conservation of Resources Theory and Burnout Mechanisms

The dynamic between quality assurance requirements, workload intensification, and diminished 
well-being exemplifies Hobfoll et al.'s (2018) Conservation of Resources theory. Our findings 
demonstrate how resource depletion triggers what participants described as a "quality-wellbeing 
tradeoff," supporting the theory's prediction of "resource loss spirals" through compromised 
teaching effectiveness and reduced student engagement. 

The emotional labor of providing feedback that emerged in our analysis directly supports 
Bodenheimer and Shuster's (2019) concept of "assessment emotional labor" as a burnout 
contributor. Our participants' experiences of balancing critical feedback with student motivation 
while managing large classes validate their findings that teachers suppress their reactions while 
crafting balanced responses. 

5.6.4. Technology Acceptance and Professional Identity

Our identification of a substantial perception-adoption gap regarding AI tools provides empirical 
evidence for Guo and Wang's (2023) "AI Trust Paradox." The finding that teachers recognize AI 
effectiveness while resisting implementation confirms their observation that professionals 
acknowledge time-saving potential while fearing professional devaluation. 

However, our research extends Davis's (1989) Technology Acceptance Model by identifying 
professional identity concerns as a significant mediating factor between perceived usefulness and 
adoption intention, particularly among highly qualified educators. This extends beyond Guo and 
Wang's (2023) findings by revealing specific demographic patterns in resistance, with early-career 
teachers primarily concerned with algorithmic reliability, while experienced educators emphasize the 
preservation of relationships. 

Receptivity to AI, when framed as an assistant rather than a replacement, validates Colonna's 
(2023) "teacher-in-the-loop" approach. Our finding that experienced teachers became more 
receptive when presented with administrative relief applications supports their demonstration that 
this approach yields substantial workload benefits while maintaining teacher satisfaction and 
professional agency. 
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5.6.5. Comparative Analysis with Existing ESL/EFL Research

While previous ESL/EFL burnout research documented general factors (Talbot & Mercer, 2018; 
Zarrinabadi et al., 2023), our study provides the first empirical demonstration of how quality 
assurance frameworks specifically impact language teachers. Our findings contrast with Seo's (2023) 
focus on "linguistic vigilance overload" by revealing that administrative rather than linguistic demands 
constitute the primary burnout driver. 

The feedback challenges we documented align with Rajab et al.'s (2016) time estimates for 
corrective feedback while extending their findings by demonstrating how increasing class sizes create 
mathematically impossible feedback demands. Our identification of the 25-student threshold where 
feedback quality deteriorates confirms Zhang and Hyland's (2022) and Barrot's (2023) observations 
while providing qualitative insights into teachers' coping strategies. 

5.6.6. Self-Determination Theory and Professional Autonomy

The inverse relationship between educational qualification and technology acceptance aligns 
with Ryan and Deci's (2023) Self-Determination Theory emphasis on autonomy as a core 
psychological need. Our finding that doctorate holders express the greatest concerns about AI 
integration while reporting the highest workload challenges reveals what we term a "technology-
autonomy paradox"—where resistance to potentially helpful tools may perpetuate the conditions 
causing distress. 

This pattern supports Sato et al.'s (2022) finding that technologies enhancing professional 
autonomy are negatively correlated with burnout symptoms, suggesting that the implementation 
approach significantly affects well-being, as noted by Pishghadam et al. (2023). 

5.6.7. Implications for Sustainable ESL/EFL Education

Our findings address the "pedagogical sustainability crisis" described by Schaufeli et al. (2023), 
where teachers' professional commitment conflicts with practical limitations. The identification of 
"motivation-practice incongruence" in our qualitative data supports their assertion that this 
incongruence represents a more potent predictor of burnout than workload alone. 

The demographic variations in AI receptivity, particularly the greater openness of early-career 
teachers compared to experienced educators, suggest generational shifts in technology acceptance 
that align with broader patterns observed in the educational technology adoption literature within 
our review. 

5.6.8. Practical Intervention Framework

Based on our theoretical integration and empirical findings, we propose a three-tier intervention 
approach grounded in the literature: (1) immediate relief through AI-assisted administrative task 
automation, targeting the pathway we identified between quality assurance and wellbeing; (2) 
medium-term recalibration of quality assurance frameworks to reduce what Kovalkova & Malkova 
(2021) term "documentation density" while maintaining educational standards; and (3) long-term 
professional development focusing on technology integration that preserves the professional 
autonomy emphasized by Ryan and Deci (2023). 

This framework addresses both the structural issues identified by Kenny and Fluck (2022) and 
the technological opportunities demonstrated by Alsalem (2024), Praphan and Praphan (2023), and 
Zhou and Hou (2025), while respecting the professional identity concerns highlighted by our 
participants and supported by existing literature. 
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6. Conclusion

This study examines the relationship between quality assurance requirements, workload 
intensification, and teacher burnout among EFL/ESL instructors in Saudi higher education, revealing 
a "quality paradox" where QA frameworks designed to enhance standards inadvertently compromise 
them. Statistical modeling demonstrates a significant relationship between QA requirements and 
diminished teacher well-being, primarily mediated through workload intensification. Qualitative 
findings reveal what participants described as an "accountability paradox"—valuing quality standards 
while finding their implementation bureaucratic and counterproductive. 

Our contributions include: (1) empirical demonstration of how QA frameworks increase 
workload while reducing capacity for personalized feedback; (2) identification of a significant 
perception-adoption gap regarding AI tools; (3) demographic patterns in burnout and technology 
acceptance; and (4) a "teacher-in-the-loop" framework preserving professional judgment. Thematic 
analysis revealed "pedagogical identity threat" as a key barrier to technology adoption, particularly 
among highly qualified teachers concerned about maintaining meaningful student connections. 

Rather than viewing burnout as an individual deficiency, institutions should recognize it as a 
systemic outcome of conflicting demands on teacher time. For technology integration, qualitative 
findings support a teacher-centered approach, where AI handles routine tasks. Implementation 
strategies prioritize administrative relief before pedagogical applications, building trust incrementally 
while respecting professional autonomy. 

6.1. Limitations

Methodological limitations include our cross-sectional design, which limits causal claims, 
potential generalizability constraints due to the Saudi context, self-selection bias, limitations of virtual 
data collection, and the evolving nature of AI technologies. Despite these limitations, robust sample 
size, methodological triangulation, and consistent patterns support the validity of our findings. 

7. Suggestion

Future research should explore the longitudinal effects of AI integration, investigate the 
implementation gap between perceived usefulness and actual adoption, and examine how different 
institutional contexts influence the effectiveness of interventions. 

We recommend: (1) recalibrating QA frameworks while implementing AI solutions in three 
phases; (2) differentiating technology integration by career stage; (3) establishing acceptable class 
size thresholds; and (4) recognizing that technological solutions complement but cannot replace 
sustainable teaching conditions. 

As ESL/EFL education faces increasing class sizes and administrative demands—trends unlikely 
to reverse as institutions balance cost pressures with QA requirements—supporting teacher 
wellbeing becomes crucial. This situation is particularly acute in non-English speaking countries 
pursuing international accreditations, where English teachers often bear additional QA 
responsibilities due to their language proficiency. The "teacher-in-the-loop" approach offers a 
pathway that balances technological efficiency with professional autonomy, while preserving the 
human connections essential to language acquisition. 
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Appendix I. The Questionnaire 
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Appendix II. The Interview Questions 
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Appendix III. Focus Group Discussion Questions 
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Appendix IV. Cronbach Alpha Results for All Questionnaire Questions 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Question 
Number

Question Construct Sub-Construct
Reversed

?
Cronbach 

Alpha

1
Assuming a 40-hour work week, please rate the amount of time you spend on  
[Teaching]  in relation to your total working time. Use a scale of 1 to 5, where 1 
indicates a very small amount of time and 5 indicates a very large amount of time.

Work-Related Activitites
Work-Related Activities During 

Official Work Hours
No 0.75

2
Assuming a 40-hour work week, please rate the amount of time you spend on  [lesson 
planning]  in relation to your total working time. Use a scale of 1 to 5, where 1 
indicates a very small amount of time and 5 indicates a very large amount of time.

Work-Related Activitites
Work-Related Activities During 

Official Work Hours
No 0.45

3
Assuming a 40-hour work week, please rate the amount of time you spend on  
[marking]  in relation to your total working time. Use a scale of 1 to 5, where 1 
indicates a very small amount of time and 5 indicates a very large amount of time.

Work-Related Activitites
Work-Related Activities During 

Official Work Hours
No 0.82

4

Assuming a 40-hour work week, please rate the amount of time you spend on  
[providing feedback]  in relation to your total working time. Use a scale of 1 to 5, 
where 1 indicates a very small amount of time and 5 indicates a very large amount of 
time.

Work-Related Activitites
Work-Related Activities During 

Official Work Hours
No 0.18

5

Assuming a 40-hour work week, please rate the amount of time you spend on  
[administrative tasks]  in relation to your total working time. Use a scale of 1 to 5, 
where 1 indicates a very small amount of time and 5 indicates a very large amount of 
time.

Work-Related Activitites
Work-Related Activities During 

Official Work Hours
No 0.32

6
On average, how many hours per week do you spend on [Marking student work] 
OUTSIDE of your regular working hours at college/university?

Work-Related Activitites
Work-Related Activities Outside 

Official Work Hours
No 0.8

7
On average, how many hours per week do you spend on [Writing feedback on 
assignments] OUTSIDE of your regular working hours at college/university?

Work-Related Activitites
Work-Related Activities Outside 

Official Work Hours
No 0.85

8
On average, how many hours per week do you spend on [Responding to student 
emails] OUTSIDE of your regular working hours at college/university?

Work-Related Activitites
Work-Related Activities Outside 

Official Work Hours
No 0.96

9
On average, how many hours per week do you spend on [Lesson planning] OUTSIDE 
of your regular working hours at college/university?

Work-Related Activitites
Work-Related Activities Outside 

Official Work Hours
No 0.62

10
On average, how many hours per week do you spend on [Administrative tasks] 
OUTSIDE of your regular working hours at college/university?

Work-Related Activitites
Work-Related Activities Outside 

Official Work Hours
No 0.9

11 How often do you feel overwhelmed by the number of students you have to grade? Teacher Workload and Stress Sources of Workload and Stress No 0.93

12
How much time do you spend on marking assignments and providing feedback per 
week?

Teacher Workload and Stress Sources of Workload and Stress No 0.78

13
To what extent do administrative tasks related to quality assurance standards add to 
your workload?

Teacher Workload and Stress Sources of Workload and Stress No 0.46

14
How often  do you feel that the time you spend on administrative tasks affects your 
ability to focus on teaching and providing feedback?

Teacher Workload and Stress Sources of Workload and Stress No 0.94

15 How often  do you feel emotionally drained from your work as an EFL/ESL teacher? Teacher Workload and Stress
Impact of Workload on Well-

being
No 0.99

16 To what extent do you feel that your workload affects your emotional well-being? Teacher Workload and Stress
Impact of Workload on Well-

being
No 0.99

17 How often do you feel that your workload affects your job satisfaction? Teacher Workload and Stress
Impact of Workload on Well-

being
No 0.99

18
How often do you feel overwhelmed by the demands of your teaching 
responsibilities?

Teacher Workload and Stress
Impact of Workload on Well-

being
No 0.99

19
How much additional workload do quality assurance standards add to your teaching 
responsibilities?

Quality Assurance Standards
Impact of Quality Assurance 

Standards
No 0.7

20 To what extent do quality assurance standards increase your stress levels? Quality Assurance Standards
Impact of Quality Assurance 

Standards
No 0.86

21
How often  do you feel that quality assurance standards limit your ability to provide 
detailed feedback to your students?

Quality Assurance Standards
Impact of Quality Assurance 

Standards
No 0.87

22
How do you balance maintaining educational quality through standards and 
managing your workload effectively?

Quality Assurance Standards
Impact of Quality Assurance 

Standards
No 0.42

23
How often do you feel that quality assurance standards are beneficial for improving 
educational quality?

Quality Assurance Standards
Teacher Perspectives on 
Balancing Standards and 

No 0.71

24
To what extent do you feel that quality assurance standards are necessary for 
maintaining educational quality?

Quality Assurance Standards
Teacher Perspectives on 
Balancing Standards and 

No 0.71

25
How often  do you feel that quality assurance standards limit your autonomy and 
creativity in the classroom?

Quality Assurance Standards
Teacher Perspectives on 
Balancing Standards and 

Yes 0.51

26
How challenging do you find it to balance maintaining high educational standards 
with managing your workload effectively?

Quality Assurance Standards
Teacher Perspectives on 
Balancing Standards and 

No 0.31

27
To what extent do large class sizes affect your ability to provide detailed written 
corrective feedback?

Written Corrective Feedback
Challenges in Providing 

Feedback
No 0.6

28
How often  do you feel that administrative tasks related to quality assurance 
standards hinder your ability to provide detailed feedback?

Written Corrective Feedback
Challenges in Providing 

Feedback
No 0.55

29
How much time do you typically spend providing detailed written corrective feedback 
on a single student's writing assignment?

Written Corrective Feedback
Challenges in Providing 

Feedback
Yes 0.14

30
How often  do you feel that the workload related to quality assurance standards and 
large class sizes affect your emotional well-being?

Written Corrective Feedback
Challenges in Providing 

Feedback
No 0.6

31
How often do you feel guilty or stressed about not being able to provide detailed 
feedback due to workload constraints?

Written Corrective Feedback
Emotional Impact of Feedback 

Challenges
No 0.7

32
To what extent do you feel that your ability to provide detailed feedback affects your 
students' learning outcomes?

Written Corrective Feedback
Emotional Impact of Feedback 

Challenges
No 0.7

33
How often  do you feel that your students are negatively impacted by your inability to 
provide detailed feedback due to workload constraints?

Written Corrective Feedback
Emotional Impact of Feedback 

Challenges
No 0.8

34
How much do you agree with the statement: "The emotional burden of wanting to 
provide detailed feedback but being unable to do so affects my overall well-being"?

Written Corrective Feedback
Emotional Impact of Feedback 

Challenges
No 0.8

35
To what extent do you believe AI-assisted tools can effectively automate or 
streamline tasks related to assignment marking and feedback provision?

AI-Assisted Tools Effectiveness of AI Tools No 0.93

36
How often do you think AI-assisted tools could help reduce the time you spend on 
marking and providing feedback?

AI-Assisted Tools Effectiveness of AI Tools No 0.99

37
To what extent do you trust AI tools to provide fair and unbiased feedback to your 
students?

AI-Assisted Tools Effectiveness of AI Tools No 0.97

38
How much do you agree with the statement: "AI-assisted tools can help alleviate the 
workload related to assignment marking and feedback provision"?

AI-Assisted Tools Effectiveness of AI Tools No 0.97

39
How open are you to using AI-assisted tools for marking and providing feedback in 
your classroom?

AI-Assisted Tools Teacher Perceptions of AI Tools No 0.85

40
To what extent are you concerned about the potential biases in AI-assisted tools for 
marking and providing feedback?

AI-Assisted Tools Teacher Perceptions of AI Tools Yes 0.33

41
How much do you think AI tools could enhance the quality of feedback you provide to 
students?

AI-Assisted Tools Teacher Perceptions of AI Tools No 0.8

42
How do you perceive the potential benefits and challenges of integrating AI-assisted 
tools into your teaching practices? 

AI-Assisted Tools Teacher Perceptions of AI Tools No 0.8

43
How often do you use innovative strategies or technologies to facilitate the process 
of giving written corrective feedback?

Innovative Strategies and 
Technologies

Adopted Strategies for 
Feedback

No 0.99

44
How effective do you find these strategies or technologies in managing your 
workload?

Innovative Strategies and 
Technologies

Adopted Strategies for 
Feedback

No 0.99

45
How much do these strategies or technologies impact your students' learning 
outcomes?

Innovative Strategies and 
Technologies

Adopted Strategies for 
Feedback

No 0.99

46 How do these strategies or technologies affect your overall well-being as a teacher?
Innovative Strategies and 

Technologies
Adopted Strategies for 

Feedback
No 0.99

47
How often  do these strategies or technologies help you provide more detailed and 
personalized feedback to your students?

Innovative Strategies and 
Technologies

Impact on Teacher Well-being 
and Student Outcomes

No 0.99

48
To what extent do these strategies or technologies reduce the emotional burden of 
providing detailed feedback?

Innovative Strategies and 
Technologies

Impact on Teacher Well-being 
and Student Outcomes

No 0.99

49
How much do these strategies or technologies contribute to your overall job 
satisfaction?

Innovative Strategies and 
Technologies

Impact on Teacher Well-being 
and Student Outcomes

No 0.99

50
How do your students perceive the effectiveness of the feedback you provide using 
these strategies or technologies?

Innovative Strategies and 
Technologies

Impact on Teacher Well-being 
and Student Outcomes

No 0.99
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Question 
Number

Question Construct Sub-Construct
Reversed

?
Cronbach 

Alpha

1
Assuming a 40-hour work week, please rate the amount of time you spend on  
[Teaching]  in relation to your total working time. Use a scale of 1 to 5, where 1 
indicates a very small amount of time and 5 indicates a very large amount of time.

Work-Related Activitites
Work-Related Activities During 

Official Work Hours
No 0.75

2
Assuming a 40-hour work week, please rate the amount of time you spend on  [lesson 
planning]  in relation to your total working time. Use a scale of 1 to 5, where 1 
indicates a very small amount of time and 5 indicates a very large amount of time.

Work-Related Activitites
Work-Related Activities During 

Official Work Hours
No 0.45

3
Assuming a 40-hour work week, please rate the amount of time you spend on  
[marking]  in relation to your total working time. Use a scale of 1 to 5, where 1 
indicates a very small amount of time and 5 indicates a very large amount of time.

Work-Related Activitites
Work-Related Activities During 

Official Work Hours
No 0.82

4

Assuming a 40-hour work week, please rate the amount of time you spend on  
[providing feedback]  in relation to your total working time. Use a scale of 1 to 5, 
where 1 indicates a very small amount of time and 5 indicates a very large amount of 
time.

Work-Related Activitites
Work-Related Activities During 

Official Work Hours
No 0.18

5

Assuming a 40-hour work week, please rate the amount of time you spend on  
[administrative tasks]  in relation to your total working time. Use a scale of 1 to 5, 
where 1 indicates a very small amount of time and 5 indicates a very large amount of 
time.

Work-Related Activitites
Work-Related Activities During 

Official Work Hours
No 0.32

6
On average, how many hours per week do you spend on [Marking student work] 
OUTSIDE of your regular working hours at college/university?

Work-Related Activitites
Work-Related Activities Outside 

Official Work Hours
No 0.8

7
On average, how many hours per week do you spend on [Writing feedback on 
assignments] OUTSIDE of your regular working hours at college/university?

Work-Related Activitites
Work-Related Activities Outside 

Official Work Hours
No 0.85

8
On average, how many hours per week do you spend on [Responding to student 
emails] OUTSIDE of your regular working hours at college/university?

Work-Related Activitites
Work-Related Activities Outside 

Official Work Hours
No 0.96

9
On average, how many hours per week do you spend on [Lesson planning] OUTSIDE 
of your regular working hours at college/university?

Work-Related Activitites
Work-Related Activities Outside 

Official Work Hours
No 0.62

10
On average, how many hours per week do you spend on [Administrative tasks] 
OUTSIDE of your regular working hours at college/university?

Work-Related Activitites
Work-Related Activities Outside 

Official Work Hours
No 0.9

11 How often do you feel overwhelmed by the number of students you have to grade? Teacher Workload and Stress Sources of Workload and Stress No 0.93

12
How much time do you spend on marking assignments and providing feedback per 
week?

Teacher Workload and Stress Sources of Workload and Stress No 0.78

13
To what extent do administrative tasks related to quality assurance standards add to 
your workload?

Teacher Workload and Stress Sources of Workload and Stress No 0.46

14
How often  do you feel that the time you spend on administrative tasks affects your 
ability to focus on teaching and providing feedback?

Teacher Workload and Stress Sources of Workload and Stress No 0.94

15 How often  do you feel emotionally drained from your work as an EFL/ESL teacher? Teacher Workload and Stress
Impact of Workload on Well-

being
No 0.99

16 To what extent do you feel that your workload affects your emotional well-being? Teacher Workload and Stress
Impact of Workload on Well-

being
No 0.99

17 How often do you feel that your workload affects your job satisfaction? Teacher Workload and Stress
Impact of Workload on Well-

being
No 0.99

18
How often do you feel overwhelmed by the demands of your teaching 
responsibilities?

Teacher Workload and Stress
Impact of Workload on Well-

being
No 0.99

19
How much additional workload do quality assurance standards add to your teaching 
responsibilities?

Quality Assurance Standards
Impact of Quality Assurance 

Standards
No 0.7

20 To what extent do quality assurance standards increase your stress levels? Quality Assurance Standards
Impact of Quality Assurance 

Standards
No 0.86

21
How often  do you feel that quality assurance standards limit your ability to provide 
detailed feedback to your students?

Quality Assurance Standards
Impact of Quality Assurance 

Standards
No 0.87

22
How do you balance maintaining educational quality through standards and 
managing your workload effectively?

Quality Assurance Standards
Impact of Quality Assurance 

Standards
No 0.42

23
How often do you feel that quality assurance standards are beneficial for improving 
educational quality?

Quality Assurance Standards
Teacher Perspectives on 
Balancing Standards and 

No 0.71

24
To what extent do you feel that quality assurance standards are necessary for 
maintaining educational quality?

Quality Assurance Standards
Teacher Perspectives on 
Balancing Standards and 

No 0.71

25
How often  do you feel that quality assurance standards limit your autonomy and 
creativity in the classroom?

Quality Assurance Standards
Teacher Perspectives on 
Balancing Standards and 

Yes 0.51

26
How challenging do you find it to balance maintaining high educational standards 
with managing your workload effectively?

Quality Assurance Standards
Teacher Perspectives on 
Balancing Standards and 

No 0.31

27
To what extent do large class sizes affect your ability to provide detailed written 
corrective feedback?

Written Corrective Feedback
Challenges in Providing 

Feedback
No 0.6

28
How often  do you feel that administrative tasks related to quality assurance 
standards hinder your ability to provide detailed feedback?

Written Corrective Feedback
Challenges in Providing 

Feedback
No 0.55

29
How much time do you typically spend providing detailed written corrective feedback 
on a single student's writing assignment?

Written Corrective Feedback
Challenges in Providing 

Feedback
Yes 0.14

30
How often  do you feel that the workload related to quality assurance standards and 
large class sizes affect your emotional well-being?

Written Corrective Feedback
Challenges in Providing 

Feedback
No 0.6

31
How often do you feel guilty or stressed about not being able to provide detailed 
feedback due to workload constraints?

Written Corrective Feedback
Emotional Impact of Feedback 

Challenges
No 0.7

32
To what extent do you feel that your ability to provide detailed feedback affects your 
students' learning outcomes?

Written Corrective Feedback
Emotional Impact of Feedback 

Challenges
No 0.7

33
How often  do you feel that your students are negatively impacted by your inability to 
provide detailed feedback due to workload constraints?

Written Corrective Feedback
Emotional Impact of Feedback 

Challenges
No 0.8

34
How much do you agree with the statement: "The emotional burden of wanting to 
provide detailed feedback but being unable to do so affects my overall well-being"?

Written Corrective Feedback
Emotional Impact of Feedback 

Challenges
No 0.8

35
To what extent do you believe AI-assisted tools can effectively automate or 
streamline tasks related to assignment marking and feedback provision?

AI-Assisted Tools Effectiveness of AI Tools No 0.93

36
How often do you think AI-assisted tools could help reduce the time you spend on 
marking and providing feedback?

AI-Assisted Tools Effectiveness of AI Tools No 0.99

37
To what extent do you trust AI tools to provide fair and unbiased feedback to your 
students?

AI-Assisted Tools Effectiveness of AI Tools No 0.97

38
How much do you agree with the statement: "AI-assisted tools can help alleviate the 
workload related to assignment marking and feedback provision"?

AI-Assisted Tools Effectiveness of AI Tools No 0.97

39
How open are you to using AI-assisted tools for marking and providing feedback in 
your classroom?

AI-Assisted Tools Teacher Perceptions of AI Tools No 0.85

40
To what extent are you concerned about the potential biases in AI-assisted tools for 
marking and providing feedback?

AI-Assisted Tools Teacher Perceptions of AI Tools Yes 0.33

41
How much do you think AI tools could enhance the quality of feedback you provide to 
students?

AI-Assisted Tools Teacher Perceptions of AI Tools No 0.8

42
How do you perceive the potential benefits and challenges of integrating AI-assisted 
tools into your teaching practices? 

AI-Assisted Tools Teacher Perceptions of AI Tools No 0.8

43
How often do you use innovative strategies or technologies to facilitate the process 
of giving written corrective feedback?

Innovative Strategies and 
Technologies

Adopted Strategies for 
Feedback

No 0.99

44
How effective do you find these strategies or technologies in managing your 
workload?

Innovative Strategies and 
Technologies

Adopted Strategies for 
Feedback

No 0.99

45
How much do these strategies or technologies impact your students' learning 
outcomes?

Innovative Strategies and 
Technologies

Adopted Strategies for 
Feedback

No 0.99

46 How do these strategies or technologies affect your overall well-being as a teacher?
Innovative Strategies and 

Technologies
Adopted Strategies for 

Feedback
No 0.99

47
How often  do these strategies or technologies help you provide more detailed and 
personalized feedback to your students?

Innovative Strategies and 
Technologies

Impact on Teacher Well-being 
and Student Outcomes

No 0.99

48
To what extent do these strategies or technologies reduce the emotional burden of 
providing detailed feedback?

Innovative Strategies and 
Technologies

Impact on Teacher Well-being 
and Student Outcomes

No 0.99

49
How much do these strategies or technologies contribute to your overall job 
satisfaction?

Innovative Strategies and 
Technologies

Impact on Teacher Well-being 
and Student Outcomes

No 0.99

50
How do your students perceive the effectiveness of the feedback you provide using 
these strategies or technologies?

Innovative Strategies and 
Technologies

Impact on Teacher Well-being 
and Student Outcomes

No 0.99
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